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Introduction

» Collective programming of the mind
which distinguishes the members of
one category of people from another.

* Cultural values influence selection,
analysis and news propagation.

 Culturally similar countries observe
heaver news flow for similar events.
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Contributions

* A novel perspective of aligning news
events across different cultures through
categorizing countries and news events.

A cross-cultural automatically annotated
dataset for several domains.

« Comparison of several classification
models adopting different set of features
(character ngrams, GLOVE embeddings,
and word ngrams).
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Data Description

Approximately 8000 events
Except Zaman.com, almost 1000 events

count

14k

&

2021

Newspaper

asahi.com
chinadaily.com.cn
dawn.com

nytimes.com

smh.com.au
theguardian.com
timesofindia.indiatimes.com
washingtonpost.com
wsj.com

zaman.com.tr




Methodology

e Clusters of countries
e Clusters of events
 Annotation

« Char-ngrams
 Word-ngrams
* Glove Embeddings

Mewrs Events

Clusters of Countries

Char Ngrams




Dataset Annotation T

 (Clusters of countries
« Hofstede’s national cultural dimensions

Pakistan, Vietnam, Hong Kong,
Bangladesh, Lithuania, Indonesia,
Estonia, India, China, Bulgaria,
Croatia,

Romania, Serbia, Azerbaijan,
Armenia, Belarus, South Korea,
Taiwan, Albania, Ukraine, Moldova,
Montenegro, Czesh Republic,
Kazakhstan, Bosnia and Herzegovina,
Russia, Slovakia, Japan

* Power distance index

Zambia, Thailand, Jordan,
Dominican Republic,

« Uncertainty avoidance by  joopesi
. . . Chile, Slovenia, Philippines,
Malaysia, U A
individuals Maiys gy,

Spain,

Turkey, Brazil, Greece,
Trindad and Tobago, Mozambique,

 Non-individualistic Saudi Arabia, Poland _
Cu Itu reS Israel, Denmark, Iceland, Colom’bia,g ‘ '

. Niger, El Salvador, Venezuela,
Norway, Sweden, Latvia,

Finland, Ireland, New

* Masculinity vs. Femininity oo

Canada, South Africa,

Costa Rica, Ecuador, Tunisia, Egypt,
Kuwait, Panama, Guatemala,
United Arab Emirates, Qatar,

Australia, Suriname

H H United States, Austria,

* Long-term orientation
Kingdom, Germany, Italy,
Switzerland, Malta, France,

* Indulgence vs. Restraint

Malawi, Jamaica, Nepal, Sierra Leone,
Fiji, Honduras, Kenya, Bhutan,
Namibia, 5ri Lanka, Senegal, Burkina
Faso, Syria, Lebanon




Dataset Annotation

« Colour of category

« More categories in culture
C5




Dataset annotation

« Shared categories of
events between the pair
of six clusters

« 50% news events belongs
to red and blue clusters

« Each cluster do not lies in
a specific geographic area

« Purpose: observe cultural
differences in same type
of news events for two
places
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Results and Analysis

« Top 15K characters, using logistic Regression, 0.85

Top K features versus F1 [Char Ngrams, 2-6)

1.0 — SVM
——— Decision

0.3 —_— Tree

——— —— Maive
0.6 Bayes

Logistic
0.4 Regres__.
0.2
0.0
2,500 5,000 7,500 10,000 12,500 15,000
Top K
L




Results and Analysis

« With and without the category 0.80 and 0.79 f1

respectively
Categories vs. Without Categories
0.85 — Glove
(with
category)
080 ~—(_1 — — Glove
(without
/ category)
(Y 0.75
0.70
0.65




 Top 10K or 20K, 1 to 3 word ngrams

I

®
Top K features versus Accuracy (Word Ngrams, 1-3)
10 — SUM
—— Decision
08 — Tree
T ——— —— KNN
— Maive
0.6 Bayes
—— L ogistic
0.4 Regres...
0.2
0.0
5,000 10,000 15,000 20,000
Top K
-
Ju -~
=
5 L’ wn bkl '




R AV ¢

Conclusions and Future Work

» Helpful in examining the impact of
specific socio-cultural factors on news
events.

» Part of speech (POS) tagging, other
embeddings.

https://zenodo.orqg/record/5225053#.YUIQFZ0zZZc
https://dmoz-odp.org/
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