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It’s been a long conference.
I need a massage!
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Status message questions are a 
growing phenomenon:

of posts on an IBM SNS 
were status message 
questions.

11%
(Thom et al. 2011)



(Morris et al. 2010, 2011)
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• Trusted answers

• Personalized answers

• Build and maintain 
ties with friends

• Natural language

• No need to triage 
search results

• Very fast

• Access billions of web 
pages

• Privacy

• Nearly always returns 
results

(Morris et al. 2010, 2011)

Status Message 
Questions

Traditional 
Search













Does not support people’s natural behavior 
with regard to status message questions.



Does not support people’s natural behavior 
with regard to status message questions.

Does not preserve many of the benefits of 
status message question asking.



Does not support people’s natural behavior 
with regard to status message questions.

Does not preserve many of the benefits of 
status message question asking.





Socially-Embedded Search Engines



Socially-Embedded Search Engines



Support people’s natural status message 
question asking behavior.

Socially-Embedded Search Engines



Support people’s natural status message 
question asking behavior.

Preserve the benefits of status message 
question asking.

Socially-Embedded Search Engines



SearchBuddies
a prototype socially-embedded search engine

* All participant pictures and names, and those of their friends, have been altered for this presentation 



SearchBuddies
a prototype socially-embedded search engine

* All participant pictures and names, and those of their friends, have been altered for this presentation 



SearchBuddies
a prototype socially-embedded search engine

* All participant pictures and names, and those of their friends, have been altered for this presentation 



Socially-Embedded Search Engines
Key exploratory research questions



Socially-Embedded Search Engines

Interaction with algorithmic content in 
conversations?

Key exploratory research questions



Socially-Embedded Search Engines

Reactions when useful info is provided? 
When system fails?

Interaction with algorithmic content in 
conversations?

Key exploratory research questions



Socially-Embedded Search Engines

Reactions when useful info is provided? 
When system fails?

Interaction with algorithmic content in 
conversations?

Challenges involved with adapting search 
engines to social environments? 
Opportunities?

Key exploratory research questions
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What to 
say?

When to 
respond?



SocialButterfly and Investigator

Investigaetore (Italian) and Soshul Butterflie

SearchBuddies
Investigator

Relevant Information Relevant People

SearchBuddies
Social Butterfly
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Solutions

Natural Language 
Question Answering
(e.g. Dumais et al. 2002; 

Ferrucci et al. 2010; 
Ramakrishnan 2004)

Expertise Finding
(e.g. Farrell 2007; 
Bernstein 2009)
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cnet.com
en.wikipedia.org
yelp.com

Domain Whitelist

???
Search API

SearchBuddies 
Investigaetore











Soshul Butterflie



Soshul Butterflie

Ensemble Entity Extractor



Soshul Butterflie

Ensemble Entity Extractor

Friends’ Interests and Places
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278 was the median number of 
friends for our participants
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bad responses: joking :-)

Queen / Queen 
Anne Dialog



bad responses: ignoring
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deleted

17 (24%) of 
posts deleted

bad responses: deleting

low relevance more social 
context needed
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New metrics for 
search result 
quality are needed#1
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Relevance quality metrics



 “I don't know them 
that well...” 

 “...may not 
appreciate their 
names up there...” 

Relevance not a consideration at all!
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Relevance quality 
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Socially-Embedded 
Search Engines

Social context and 
norms metrics

+



Conformance Metrics



“...measure the extent to which an 
algorithmic response conforms to the 

social norms and context of the 
questioner, the questioner’s social circle, 

and the social network.”

Conformance Metrics
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Towards workable conformance...

Tie Strength 
Prediction

(e.g. Gilbert and 
Karahalios 2009; Paek et 

al. 2010; Gilbert 2012)

Automated
Group Creation

(e.g. MacLean et al. 2011;
Amershi et al. 2012)

*bold indicates image from that paper



Design Implications: Challenges

Higher relevance 
thresholds needed#2

CHALLENGE





“When in 
doubt, leave 

it out!”

Socially-Embedded 
Search Engines

Traditional Search 
Engines

Always return 
something!
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Slow Search
Use much slower algorithms

Leverage crowdsourcing

Crawl new web content

Poll friends



Design Implications: Opportunities

New, rich feedback 
mechanisms#3

OPPORTUNITY
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quantitative approach

small data
qualitative approach
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